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Be Nice to the Younger You

Your bad experience is not an excuse to be mean to other younger women
Don’t be the ‘woman token’ all the time; train next generations and woman tr .
It's ok to be a child like the younger selves occasionally N
It’s ok to break rules from time to time, be a fun and favorite academic mom
Educate people: reject sexist / racist man/woman students even if they are geniuses

If you have to be jealous, get jealous of men and women equally; get jealous of their work, not
appearance or age; the only person you should compare to is yourself from yesterday

= Create more initiatives:

= Grace Hopper Conference, Rising Star in CS/EE, one on one mentoring
= Crate and maintain “Excellent woman AI/NLP researchers in China” list
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You can Have it All

= It's ok to be yourself and enjoy life.

= It's ok to dress up or down, speak with a louder or softer voice, solely your choice.

= |t doesn’t interest me how old you are. | want to know if you will risk looking like a fool,
for love, for your dream, for the adventure of being alive.

= To other men and women: how we look is not your business. Stop commenting on
them if we are not close friends.

= As you rise many people will disapprove. Rise anyway.
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Dong Nguyen announced that he would be removing his hit
game Flappy Bird from both the iOS and Android app stores,
saying that the success of the game is something he never
wanted. Some fans of the game took it personally, replying
that they would either kill Nguyen or kill themselves if he
followed through with his decision.
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KnowSim: A Document Similarity Measure on Structured Heterogeneous Information Networks. ICDM’15
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[Document similarity in ICDM’15]
[Document clustering in KDD’15]
[Document classification in AAAI'16)
[Item recommendation, ongoing]
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YEGQ* [Relation clustering in JCAI'15]

[Similarity search in SDM’16]

tweets, blogs, websites,
medical, psychology

< [Paraphrasing in ACL'13]
i s ﬁiﬁ Eﬁ § i . [Data type refinement, ongoing]
ZHER AL AR ) Bk Knowledge <
Networked learning
g * -
L R o ; Deep learning
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BEXH:

[1] Chenguang Wang, Yizhou Sun, YangleiSong, Jiawei Han, Yangqgiu Song, Lidan Wang, and Ming Zhang:
RelSim: RelSim:Relation Similarity Search in Schema-Rich Heterogeneous InformationNetworks. Proc.
2016 SIAM Int. Conf. on Data Mining (SDM’ 16).

[2] Chenguang Wang, Yangqiu Song, HaoranLi, Ming Zhang, and Jiawei Han: Text Classification with
Heterogeneousinformation Network Kernels. Proc. 2016 AAAI Conf. on Artificialintelligence (AAAI" 16).

[3] Chenguang Wang, Yanggiu Song, Haoran Li,Ming Zhang, and Jiawei Han: KnowSim: A Document
Similarity Measure onStructured Heterogeneous Information Networks. Proc. of 2014 IEEE Int.Conf. on
Data Mining (ICDM’ 15).

[4] Chenguang Wang, Yangqiu Song, AhmedE|I-Kishky, Dan Roth, Ming Zhang, and Jiawei Han:
Incorporating WorldKnowledge to Document Clustering via Heterogeneous Information Networks.Proc.
2015 ACM SIGKDD Int. Conf. on Knowledge Discovery and Data Mining (KDD’ 15).

[5] Weiping Song, Zhiping Xiao, Yifan Wang,Laurent Charlin, Ming Zhang and Jian Tang, Session-
basedSocial Recommendation via Dynamic Graph Attention Networks. WSDM 2019:555-563.

[6] Weiping Song, ChenceShi, Zhiping Xiao, Zhijian Duan, Yewen Xu, MingZhang, Jian Tang: Autolnt:
Automatic Feature Interaction Learning viaSelf-Attentive Neural Networks. CIKM 2019: 1161-1170.
[7]1 Weiping Song, Zhijian Duan, ZigingYang, Hao Zhu, Ming Zhang, Jian Tang:Explainable
KnowledgeGraph-based Recommendation via Deep Reinforcement Learning. CoRR abs/1906.09506
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EAREN, SRERMESRIXARIGEHNAFRT, BEBIETREFINRTREIRG.
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1 RFRERF S VS IREF

1.3 BRESLERIRERS
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= TRuck
— van
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FuLLY
INPUT  CONVOLUTION + RELU  POOLING  CONVOLUTION + RELU  POOLING y \nnlm Conmt p SOFTMAX

Y Y

FEATURE LEARNING CLASSIFICATION

©
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This flower has small. round violet N . This flower has small, round violet
petis with a dot prpe coier = Gz, et it o dorkpurpl cemer
N [} : ) e r0) 3
- 1 R \i Environment

Discriminator Network
e o EEQ\
7 i il |”I J“ﬁ Interpreter
i Tl ]
t;g IE ” ” ” || ” ” i ﬁ Agent

2: BRIBEWMEDRIRESS)

Action

FIRMNB[AIFO—DFIE, RAFIMREZINAKEREX, ERONSZINEREFTEA
WWRRARFEREAE, MAEFIDENEMAE, EAFERITRR, EErINERATRRES.
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REFIERFEMESLERSESRETEXRHRE. SMHELMBNEREENE . BIFHENE. WL
BAHENEE, —HEARNIEMETE. @WENE. SRR . o oM. SEDH. 1BXERR. 1EXITE.
BRI DT EEAMES, S—HEARARADRABE. SERL. NREF. HERSNHEATIIERE.

. ETHENBMESRTEY

Al
a7 o2
RIS A SREE WEZ 4% {4 o 2 ]

3! HERIEERTFEY

ETHENBNESRTEY, BEARNEXAMESEEEANE B H I EFEE—BHET
e, BEE. {4, EENEERKT.

AEREREEIE. BB 9FNONE, BEEENEEEMUTIEE M EENTEF. TRNENES
RTABAENAR, tMESENRERTEEZRTING, RST NEFES, MOFHNONKRRIERNET
NARDE, L. FSEER. BREOMEFRMMES.

21 BRRTEY
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- ‘ ¥ .food
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ST ATy v axtravel s £ %
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. :
M s relative

& 4: @8N

WENRRFEIERAN, EEEMNGSZEREFIRETE, 2013 F2RIRBELERRAMRIE, LR
& B HA Bengio M Hinton 12 HASF MR EY, 2013 F e @M R85 T/, LEWARATE M glove
word2vec, XL TEFESE L TXILXNE@E, 2016 FEMARLIBEGEE, 2 2018 FABFET, T
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BF ZRIZE BN EEIHIIAERE, ASH IEEIEENERR THE L TXNEEXERE L, REEH
BT E2 ELMo 1 BERT,

211 ETFFNEIERTE > -word2vec

Input layer Output layer
1-hot input vectors probabilities of
for each context word context words

Projection layer Output layer Input layer Projection layer

X, [@)
x, @ .
2 o h o . embedding for w,
ol sum of embeddings probability of w; 1-hot input vector '
. for context words x, Yo Wil
Wl N £ .
. Yi . :
: ¥ :
Xy : W llv
x, S . !
t : Y2
X2 . u
Pl ; Xy H
BN o Wi
Wil x ¥ 1X|V] O ¥i t+1

Efficient estimation of word representations in vector space, NIPS 2013

5: word2vec 1&E!

L TXFRE word2vee, B—MEMNTEERRFER, EEIRMTMEE, B LT UESRFEINE
FRiafy CBOW &R AL (ELIEREE, E 5 A ) A BEMaTN £ T3 Skip—gram 182 ( BHa&RE, E5%H),
“EHAUEIESREMNEART. —MRMESLTRESIMNEANE, R4 NHESHNEI—TIFEBFKE,
DIRAEBL UL

21.2 ETFIHEENEARTES - Glove

Man-Woman=King-Queen
W

T0) =5 3 f(P)ul s~ log Py

ig=1

mmmmmm

02
il
f ~ , . i
—

- Code and Pre-trained word vectors :
http://nlp.stanford.edu/projects/glove

Glove: Global vectors for word representation, EMNLP 2014

6 : GloVe 1&EY

GloVe #&22!, HEHIEANHHINRNYNIDEERRZBNXR, ERENRAEELI, BREMKRE
&/)ME. word2vec Ml GloVe XZ£1a R E RS IE M PRI LK LESLIIANE, BB AMZAZENEE, B5T
EEMLEZENELRE.
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2.2 FEEMGFHRTES

RIEN O FRRTEITARRKMUN, SEMFUURIIEX. JLME LREXESRBEAEEFII KRR
BANRIENEFRT, BEEEMENE. SREZME. BERHEMNLE. Transformer, EHZMEE, He]
HEER.

221 HRMEMEN G FEE

wait
for
the

video
and

do
n't
rent
it

L J L | L |

nx [ Max-over-time Fully connected layer
sentence with static and multiple filter widths and pooling with dropout and
non-static channels feature maps ‘softmax output

Convolutional Neural Networks for Sentence Classification,
EMNLP 2014

The cat sat on the red mat

A Convolutional Neural Network for
Modelling Sentences, ACL 2014

[E7: CNNRE () REXBUH DCNN#EE ()

CNN BRI ZERME ML ) FHITEENARMIF. ZERMBIEERN CNN BRGFRTR, #ITXAED
£, AEE BT AALHIRRE FERAER,

2,22 EFHEZMENGFEE
h,y h; hy %‘—’ hr }'

T [ 1 I

X Xz | X xr

Empirical Evaluation of Gated Recurrent Neural Networks on Sequence Modeling, NIPS workshop 2014
8: [fathET (GRU) #&REL
BN BENER TN FHTRIEE, RETENTFEHR®EZN (Vanila RNN), FEARBIRBIHEME

AR EEENSE RS ERBaRSEIRE T KEMISIZE T (Long Short-Term Memory, LSTM)
MBI EIT (Gated Recurrent Unit, GRU) %5,
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2.2.3 ETEENNFY - FIURE  SHETNEEE

- <s>

russian
defense
minister
ivanov

|
- called

sunday

T for
the
|| creation
- o
- a
I joint
| ] front
- for
] combating

global

I torrorism

X X X

Neural machine translation by jointly learning to align and translate ICLR 2015
A Neural Attention Model for Sentence Summarization EMNLP 2015

9: ETEENNFY - FHIRE

TBIMREZMEE B LA B 7540028 — BRISes0RN, ARSI EERMIEZEURIDIES. Ridem TIEMR,
RERL, RESSEATEMN, TBEZMNRA. MREBRBISINTENNG, BJAHE—TRAREAEEE.

BE, BRENATECKERAMNEXFENIEMR: EFINGENEFHMAENE . BHAERBEEMETE
BN AY Tree—RNN,

224 BESZNARFMEAS —— ETIINGEEAMZMNE

BME S

100 EF NGRS LS

GFEENE, TXERESLEPRIIRRDALRE -G/, =BETETNGAGEF ML, TR
EMRENEIRE O FINEN, SWEWBIRE ML T, MANNG, BENEREN L TXEOHR
BLFEZ BIAGXARTEANRENER, NFRXAMRIEBXR, NMWERDFINER, E 102U
AEN L T SORFERBESNERTT A,
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MEF “FTRRMERAK ), SRINERFE M7, FEAM " B “Rit” NIEARER “HE™ HiE
B, XMEXTEFEBER, BASMMELZXFHINESH—MEE, AELE L TXHFINEIRE
U7 AORREESEEY, MNEBMRERIINE, B TIHITAS. EPReNTRRTERNEZTT, TONTR
RTBIRMRETT, MRTHEEE, THDRTIEREE LE, MELLRTES, BLZAGIRE, ARG
BRSNS B 10 &AM . FRIbZSN, ERIDUERMBNASIHESHREINERE, HITNEMNGED. BT
ETINHRBIHZNEER ] NENBEGFORTMPEER, IRTHE. EQDEDT. 9FEE
HFEMES.

2.25 BRERMEMLE

a red bike,NP @ @ a red bike,NN

Pooling

Convolution

bike NN @® ®0) @0)red bike, NN

a,Det red,JJ bike,NN

A Re-Ranking Model For Dependency Parser With Recursive Convolutional Neural Network, ACL 2015

110 BREREEW L

RN = RAWE ’7%E’U%«%?TM?‘U%’U?qﬂﬁﬁﬁﬁ%fﬂ’\]iﬂ/—\ B YAt 2 R L5 H A3 B ) B1EM,
EIRRM D WA #HITIE N, REFIBTOFHRT., BRFHE RﬁEﬁLIE_RffHE’\HHI\ZH’A],
TREARUHRRIIKTFOEN. BHRELEEAFEZMETNERBENE, TmﬁT—WEJLX%fE%YWE’\JE
PEREZNERE, BI5IANEREMELE, EBIHRENZHRIMKFEN L, WE 11 (B) AR,
REF] RN IR ER MBI, EENRENKREXR, BRUINE T PR XURTFEIEDITRIMERE.

2.2.6 Hi&ERHAY Tree-RNN

go bananas

mL

P ON
0. 00Q
PON (g/.\Cg
0.03 « m
His performance is %l 20 bananas

fever pltch

Adaptive Semantic Compositionality for Sentence Modelling. IJCAI 2017

12: BIENA Tree—-RNN
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BRIBSOFHRFAEMBRRIELZENMERN, BORIBNEBENTTEHRAMMDEM, LI “go bananas”
MERERR, ‘BRRE". “NFZR" NB. BR. FHILX. ATRAEXAGHMEE RATNEN
LSTM, ETaEWBAMN 6 F#TRE, SIANSRHNEHE, EBEENTREFHPRNEGRHAEESR
BMERIFAE M,

BIEN A Tree-RNN R BFE=TH7: BAMIEHTR. FERMENIFNHTRMESS. TURNRES
RUELMIARE A BLAEIE, BIMEMEMEE, RYRARTFEX. ITEMMEIFN T RBNEENERTR, &
“His performance” ZHFMABHSEIN, WTIFEM MM T RIBRARIENERT, WEIFNEARNES
U155, 2 “at fever pitch”, BTIEXITRIEFIFZHERNL N, HKEFIGFHERR.

2.3 ARHURTFES

W NLP ESHAIMBEA N RS, thaFER. BE0H. BRONS. ONRBHERELEEN T E
F, BREEBNXAAFIERL. A5FHRLAEANEINRRZI NANTIFEERRIERKXARTS
A R HLESHE

2.31 BERRARTSHEN
‘Word Embeddings

[ )

Early in the morning Mr.

Sider, an estate lawyer, » L ] . . . . .
pores over last wills
and testaments L @ — AR -
: : of I[~[4]r]V _
-O — | — P - Supervised
— K
Classifier
®|— I e
Midmorning, he dons -]
an orange-and-blue O Il R =
uniform and, for fun, -
may field a bunt from
Dave Kingman Word Embedding Fisher Vector

Offset Matrix
Word Embeddings

Discourse Relations Detection via a Mixed Generative-Discriminative Framework, AAAI 2016

13 IBRARTRR SN

BREIXRARTNSHNOHARDNER R —RREAMNERTZEIURTEFENXR, Z20FZENXRA
WMEARR? UM NIFRE, —PDNREFE “Early in the morning”, B —1ERATE “Midmorning”, —& E7&
BXR, BEAREZEANKRIGEXR, ERNEFHRAERERAHIEDRENZEERNSEIMRZER, B
NIRRT AT BB X &R, SRAESI Fisher Vector 5iAfR R A/NEE FREZHOE, BERERTHE
KEE, #HTBERXANSE,
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2.3.2 FIF GRN #{TiBRX RN

Psyllium's not a good
*| You get a rain at the |:>
wrong time and the
crop is ruined.

000 000O0|
©000
© 0
o

—_— o~

T J L T J
Bidirectional LSTM (l l> > Pooling Layer MLP
—gl L
— i
b 200 B [ llo@000®
: 009 I: H 000000
 emmenma |
' .
IL - —QQ—Q - QGated Relevance Network
Bilinear Tensor Single Layer Network

Implicit Discourse Relation Detection via a Deep Architecture with
Gated Relevance Network, ACL 2016

& 14: FFB GRN H1TIEZ xRN
FMEBGRN #TIBRXARNMERMITEERNH R —2EHAIFNRIRS, MIEERERRBDE, —2FH

GRN(Gated Relevance Network) EERIASZBHREXA, HTESRIRSZEMEXM, FERIExE
I_J—Ely B UAEFSILE R,

2.3.3 EHAMARIEE

BNRRFIWLEIAR G, BEEEEIE Transformer fIEBENSE, 2IEREAIBFS . T2IUR
SESFIE, REETENABT Transformer FITBES],
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QOutput
Probabilities

Linear

Add & Norm
Feed
Forward
J
[LAdd & Norm Je~

Add & Norm Multl-Head

Feed Attention
Forward Nx

Add & Norm
Add & Norm Vided

Multi-Head Multi-Head
Attention Attention

A } A
- =
Transformer Posiioral (< 4, L~ Posional
Encoding Encoding
Input Output

Embedding Embedding

Inputs. Qutputs
(shifted right)

Attention is All You Need, arxiv, 2017

15: Transformer

M Transformer AR EIEFR DGR THEMERNEZHRE
EZMES LB T BRIRIFHER, Transformer RRINANARFHIEBTEMRE, S EQ—3172(8
MIKEXARMAI B EE, EBZRFERNENAESHN, RETEBRWITE, HBert FEEFT T TH
i, FRNEAREIESE FE&REFNAY BM, RZMIZIESIEEELZTE Transformer Bt R,

234 FREY

B, LEUNBIRMENLE . BIFMEENE,

ERBE I BMIBIENES A TROVREEAIR, EMERENES B TRERNTED. E8EMTHNE,
FBMEREFIAIEIBMAIR, E_MEREIEMRTBEFES ., TRNMRMDIME ? E2FREFIM
FRERIMMAR, TBIERE / TRELAEIEBIRNER, BIEMREBAEHIES.

Supervised Pre-training within Multi-
task Learning Framework

™ » LSTM
L ——»

LSTM

" LSTM

ol et m
Q Ltask

O_’ L?ask:

16: BUETHES]

16 2B REBHNEIBEINLIENSE, mHnRRAEIES
MIRE LSTM 2ESMBENRT, FINENEXIRENSE, JERNESLE REmBAEn , NE

SSEHITE,

Fine-tuning on a new tasks

PR

—— LSTM —isoftmax —>
\

7’
b g

.’,Ct

E;

, B LSTM AI A EIMES LXK,
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Unsupervised Pre-training with Fine-tuning on a new tasks
Language Model

I
— LSTM ——

\
t , PR . xt — feme e —H:soﬂmax ’—>
’
x E— LSTM —H\softmax}—> L » LSTM — S
E; Eq

178 TmBIBFES)

17 REmERANEIBRZINLENS, SESRTEXRMEENZY], B ELMo #1TREE %, SEEHE
WER NLP £330, ATiE ELMo WEEEZRSFHIIHZRZI AR ESEANEIRENRA SRS ERT L, &
SEAVIEALLESN GPT 8 BERT, £EMANLP ESHITEREREN, MABRTENESWEMNRILEH, RF
EERHIFE Transformer MR/ E—1 SoftMax 2 KEIERNESHLENF], BB MREHTHIA.

24 FHIGRESEE

< ALLEN INSTITUTE
for ARTIFICIAL INTELLIGENCE

Google Al OpenAl

Deep contextualized word representations, NAACL 2018
BERT: Pre-training of Deep Bidirectional Transformers for Language Understanding , arxiv, 2018

18: il ES=E

ELMo B R EI—MBBEAERERTAE, ARIERT, 8 MM REGEERNRTOE, EEE
Bf, ELMo XRAMEN M@ LSTM, RAIERBHNHBEIIGLRA N L2QMESEE, GPT ZHANERZ
Transformer, i@id Transformer decoder JIZSEI R @MAVIESEEY, mask 127 HEIE/EHENIE, 5 GPT &
MIESEEARE, BERT A T REAMNESRE, HTIULFNNSFTNNIEEARE S, SELBSTNIE mask
8, B BERT 24 THIBIE=18E! (Masked Language Model), FE#, mask 38\ /D E1FIE, BRNMEIE
SR LEE, BERT BAFINIESIRASIN TN Ei—T U T—1aF, REIJaFHNaFZEN
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2.4 EMFRIZREE e

[R5 N (45 (70 N (0 N 2= 08

ELMo
GPT
GPT-2
BERT
InfoWord
RoBERTa

XLNet

ELECTRA
UniLM
MASS
BART

T5

LSTM

Transformer Dec.
Transformer Dec.
Transformer Enc.
Transformer Enc.

Transformer Enc.

XifiTransformer Enc.

Transformer Enc.
Transformer Enc.
Transformer
Transformer

Transformer

WELM WikiText-103

LM BookCorpus

LM WebText

MLM + NSP WikiEn + BookCorpus

DIM + MLM WikiEn + BookCorpus

MLM BookCorpus+CC-
News+OpenWebText
+ STORIES

PLM WikiEn+ BookCorpus+
Giga5 + ClueWeb
+ Common Crawl

RTD + MLM [EXLNet

MLM + NSP WikiEn+BookCorpus

Seg2seq MLM -

DAE FIRoBERTa

Segq2seq MLM €4

117M
117M~1542M
110M~340M
=BERT

355M

=BERT

335M
340M
1.1 x BERT
220M~11B

72.8

81.9
81.1
88.5

90.5

88.6
80.8
88.4
89.7

ISR R R BIX ELMo RIER TR, DABERT ARESH, IEHEHZISRMEWRRE, SR

NMEEM, RENISFEEOIE. R BRI BEREEIEHS.
TRl gaRE
B ? . BEie ) ERHE
LSTM Transformer  Transformer . <
h"% \'jhﬁ - Engbder Datoder (r?nsformer ./ [ TSEE LS
\ W/ maEEE (W LM PLM  ( DAE CTL
o/ N A g R N
—_—
word2vec, ELMo, ELMo, BERT, GPT-1, MASS, . < FM a -Y RTD NSP  ( SOP
GloVe GPT, CoVe spanBERT, GPT-2 BART = L s o/ o/ Y W
BERT XLNet, OPT-3 CoVe ELMo, BERT, XNet  BART () - @
ROBERTa GPT-t~3,  SPANBERT,
XLM, ELECTRA  BERT  ALBERT

UniLM
RoBERTa

Pre-trained Models for Natural Language Processing: A Survey, arxiv 2020

B 20 REHREE —RBPIXERAHNTNGFERSEER, NG ESBAERRBEDTBRETUDAN
BN, BREBBERZEM B LDLS R LSTM, Transformer Decoder. Transformer Encoder LA K 52 2 19
Transformer, IZREZEB UL NEREMNLRE / BREHN,
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trimester tanning  user arts drop reel firepower
ultrasound ~ PUsy hoped command
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Bolukbasi, Tolga, et al. Man is to computer programmer as woman is to homemaker? debiasing word embeddings, NIPS 2016

21 FBRARNZMELR

21 B NIPS 2016 M—RXE, RUMBRIEFLREANXAERELNEDOEFHEIFHRIN. <
ARZIMERZIRENSR., MNVEBE, H3lRELFRIEDEEMECEZRNAMMERT. FAIENPEIRI. 5
MANZENESR, HEATEFANRKRIAZBER., —HTEE—LEWES. HiH. BFFS5KMEX, B
3. RIRFEWASMHEER, MRXEFDERSHTMZEEMANE X, NEMFIPILN, S—HEEE £
REXPEEMURN, LLWHFIHY. BPRk. KAKRSE, BIFEEEMH TINS5 M58 X187
BUED.

ARAPNERRER ERTRERERNAERER, UKBRNiGHG, BHENISHEFR., BRR—TEFR

4 John, H—TIY Mary, ERIERF AMINETUKFZ—F8, B John MBFEMEMN, BEARINAMER
HER, SHES Mary WEFHHERME.

A E

) EMTSES | ZERIIANEA
She is good KERBELMHTR
He is good atcooking.

at football.

HERLR

MAER

ENALERT | ERMELIES
TEREMAGE , EEOENT

BER

EERAESOUIHEREER
ma %%E}EE%?\ et

A

22: NLP FRROMAIZIMRENSR

MAZRNERPBANENATLEEEEZSD, ATRAEMINTSE. RERE, BRATEREXRAOMILAR
SHRATRM, SMEREALZERAFEMRIZTNARIREF, KENSUEATREELRE, BTHS
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FARE, MRBARUTENARESPFEZIRNSR, EBEESEINRESRGENMABRATE—E, T
RFBHRTE, LA R RN, SRR T EEIL.

BMNFEATERER MR FEN, THBMUNESIENEE, AENNBENEEHITRPER, TG NIE
EEMIRRHNATERRELS, FEMNERBAGEETRBOMIETR. FENRIOFRATERESTNL
TEFBIEI, LS RMBIEAIZEZSINIPS BT NeurlPS, FiRfiisZE2#tE,

- REMRIAME Non-bias direction

he—he
she—he
g — e doctor
her—his

Womat—man
- Ik

babysitter ® 4

Gender direction

randmother @
9 . grandfather

- B

Bolukbasi, Tolga, et al. Man is to computer programmer as woman is to homemaker? debiasing word embeddings, NIPS 2016

23: JERRIEBIRARHREL

FARNIPS 2016 X E, FRNMAMARLIER, BFLT—HERERARUIRLNES, EERBEILE
23, BEE—SHEMRIFE, WEKRRBA / ZAWSEHTREBKRFEESENAE, SEHIERN
AMBT XSG, F_HHIM, 1% Babysitter, Doctor AR MBI ITAIIE, SLIRRIBEM R ERARTFER
Z, RTBRRE, BEMRLEMAPIZENHELE, FR/AEKELMNIETERAT. E=519E1, EM
grandmother 1 grandfather B4 BI % R 2 B FE XA RLIRENSR . 312 F M4 B8 X 89BN Z B BRI
1%, BEMELZIEIE, Babysitter AR EIEIT Grandmother TIANE Grandfather, HE T2 28T &M
REREE@EBEIXIFRAVFR D R L AR L8],

The doctor told the nurse that she had been busy.

NMT with Domain adaptation | NMT with
gender bias Fine-tuning non-bias

Original
dataset

Template |The [PROFESSION| finished [his|her] work

L'(0PF) = L(0PP)+ A > F(0P5 —07)?
J

Danielle Saunders and Bill Byrne, Reducing Gender Bias in Neural Machine Translation as a Domain
Adaptation Problem, ACL2020

24: IBEIBRMEARE
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Hix. XENHAREZERLENIEERRREEZ, AAIAIMIARELREMEZREEN, FANRBTIBE
IhE. BERERBBEESNE—TOE, BUYRRNSEWET — k. NIENSIES. THaER
HERIES LTI, BR—THBEMIRENHKIESRE, AEBRIEIBEIHTHBNIEEEN, &
RIBERBRENHZIESRE,

M, 4iE

ENLP f, RRFIEXEE, ASBEEFHINR, MEMIZICIIRAEROMRIER, RFEHARKHARE
BRIESAEPNRTEY ., HICRE AL, 8, KEFNER, EREFIEESRTTRRILRBRINE,
REFEHERRL, NLEFEHEMRREL, FELE AR UAD MR, HRAINNeHE, REEANIR
5!
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